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1 Introduction 

Data-driven decision-making is a process in which metrics and data guide 
policymakers’ strategies and actions. Empirical evidence plays a crucial role in 
policymaking since it offers substantial ground for planning, evaluating, and chal-
lenging policies. The correct interpretation of a complex phenomenon requires 
information that data, and their analysis, can offer. Wider data availability allows a 
richer interpretation of the social phenomena under study and a better decision-
making process. Larger data availability can translate into at least two forms: a larger 
number of variables available or a deeper territorial level detail. In this chapter, we 
focus mainly on this second point, particularly on the role of regional data for 
policymaking and the availability of data at subnational levels in the main 
European datasets. 

Country-level analyses can mask territorial disparities, particularly when syn-
thetic indicators are used. The national average score can hide the territorial hetero-
geneity of a phenomenon, compensating for the low scores of some regions and high 
scores for others. Analyses at the regional level are therefore necessary if the 
dispersion of a phenomenon within a country hints at disparities that should be 
addressed through policymaking. Territorial differences within countries are due to 
numerous causes (e.g. Kaasa et al., 2014; Marelli, 2007), whose origins are often 
controversial and lost in history. In Italy, for instance, it has been repeatedly verified 
that most social phenomena have a marked territorial difference between the north 
and south of the country as a consequence of its relatively recent unification in 1861 
and unequal socioeconomic growth in the subsequent one and half century. In 
Germany, the separation between the Federal Republic of Germany (West Germany)
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and the German Democratic Republic (East Germany) from 1949 to 1990 resulted in 
significant social differences, traces of which are still visible in many socioeconomic 
analyses at the subnational level. Even countries that emerged as modern states at the 
end of the Middle Ages and have a long tradition of national identity, such as France 
or Spain, record some differences at the territorial level. Generally, no country has 
some form of internal heterogeneity. Regardless of the degree of territorial analysis, 
it is possible to identify forms of inequality or segregation based on the territory’s 
economic, social, or environmental characteristics.
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These different origins of territorial disparities make regional studies relevant 
because they can integrate the conclusions drawn at the national level by revealing 
divergences in socioeconomic outcomes and unmasking the role of local factors 
affecting the performance of that territory. They can also help identify clusters, that 
is, the presence of multiple but homogeneous groups of regions. The findings from a 
regional analysis can inform policymakers of the possible risks and opportunities 
related to implementing economic policies. For example, the sectorial distribution of 
firms can reveal the possibility of asymmetric effects from industrial policies 
designed at the national level. Indeed, the labour market is one of the domains that 
most interact with others; work choices depend on education; and it influences 
income and work–life balance with further effects on the other domains of gender 
(in)equality. 

Similarly, information on the geographical distribution of workers’ skills can 
provide information on the population targeted at the local level. A detailed set of 
information at the local level can also reveal the role of cultural institutions in 
shaping regional disparities (Fortin, 2005; Alesina et al., 2013; Kushi & McManus, 
2018). 

Having information at the regional level is also important for verifying the 
conditions implicitly assumed when nationwide policies are implemented. As is 
often the case, national policies disregard geographical heterogeneity by embracing 
a space-neutral approach (Altavilla & Caroleo, 2013; Iammarino et al., 2019). This 
policy paradigm implicitly assumes that the economic structure of a country is 
uniformly reproduced at the subnational level. The validity of this one-size-fits-all 
approach cannot be questioned, at least in the long run, when territorial differences 
are expected to level out. Forces driving economic growth, such as innovation, 
usually originate in some developed core areas and then propagate towards devel-
oping peripheral regions (Blanchard & Katz, 1992). Of course, the (speed of) 
propagation strictly depends on the mobility of productive factors. Thus, the 
assumption of factor mobility is central to the correct implementation of space-
neutral policies (Iammarino et al., 2019). Accordingly, information on the mobility 
conditions of workers, capital, and entrepreneurship can reveal mobility frictions 
that influence the spread of new economic opportunities. Violations of mobility 
assumptions would invalidate, at least partially, their original scope. For example, 
when dealing with gendered issues in the labour market (see Chapter “Gender-
Responsive Regional Fiscal Policies: The Labour Market”), the empirical literature 
highlights the role of different commuting attitudes in explaining gender gaps 
(Perales & Vidal, 2015; Gimenez-Nadal & Molina, 2016; Nisic, 2017; Petrongolo



& Ronchi, 2020; Fuchs et al., 2021; Le Barbanchon et al., 2021). Compared to men, 
women value the geographical closeness of job opportunities because a higher share 
of family responsibilities ties women to the area where they live.1 Under this limiting 
condition, information about vacancies and workers at the regional level is crucial 
for the effectiveness of gender-responsive policies. If the effects of a policy correlate 
with economic performance at the regional level, it is likely that place-neutral 
policies will exacerbate regional disparities. 
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Currently, regional disparities remain larger than before the 2008 crisis (European 
Commission, 2022). Difficulties in triggering developmental paths in less-developed 
regions are responsible for the persistence of territorial differences. Space-based 
policies cope better with persistent regional differentials because the intervention is 
based on regional demographic and economic characteristics (Iammarino et al., 
2019). The compensative effect between developed and developing regions, typical 
of space-neutral policies, no longer operates in the context of place-based policies. 
Regional policies are called actions to reduce structural disparities and restore 
regional convergence. Regional cohesion policies, as promoted by the EU, will 
play a crucial role in this respect, as they stress the role of local communities in 
reaching national and community-wide goals. However, while space-neutral policies 
generally do not require information at the subnational level (if not, ex post, in the 
monitoring phase), space-based policies (in general, and European cohesion policies 
in particular) require a rich set of information at the subnational level to be fully 
implemented and effective. 

Despite the rich availability of gender (in)equality indicators at the national level 
(see Chapter “The Main Indicators of Gender (in)Equality”), studies on gender 
equality indexes at the regional level are scarce due to limited data availability. 
Early examples were provided for Norwegian municipalities (Kjeldstad & 
Kristiansen, 2001). Not surprisingly, Scandinavian countries, such as Norway and 
Sweden, have a long tradition of regional policies (Rönnblom, 2005). Other studies 
have focused on Spanish regions (Peinado & Céspedes, 2004; Bericat Alastuey & 
Sánchez Bermejo, 2008; Fernández-Sáez et al. 2016; Gil-Lafuente et al., 2019) and 
provinces (Martin and Garvi, 2009). Regarding Italian territory, see Amici and 
Stefani (2013) and Costantini and Monni (2006). More recently, Hippe and Perrin 
(2017) studied gender inequality in human capital across the EU regions (NUTS 12 )

1 The so-called household responsibility hypothesis (Gimenez-Nadal & Molina, 2016), for which a 
disproportionate burden of household responsibility on women requires shorter commute times. 
This makes more difficult for them to work any distance away from home compared to men. 
2 The European Union has established a common classification of territorial units for statistics, 
known as ‘NUTS’, in order to facilitate the collection, development, and publication of harmonised 
regional statistics in the EU. This hierarchical system is also used for socioeconomic analyses of the 
regions and the framing of interventions in the context of EU cohesion policy. The NUTS 
classification is hierarchical in that it subdivides each Member State into three levels: NUTS 
1, NUTS 2, and NUTS 3. The second and third levels are subdivisions of the first and second 
levels. A Member State may decide to add further levels to the hierarchy by subdividing NUTS 
level 3. Some of the existing administrative units used for the requirements of the hierarchical 
NUTS classification are listed in Annex II to Regulation (EC) No 1059/2003. 



over 1900–1960. Castellano and Rocca (2019) constructed an index of the gender 
gap in the labour market at the NUTS 1 level for 31 European countries. The results 
from 2013 highlight a strong regional variability across various labour market 
outcomes. Dijkstra et al. (2019) measured gender gaps in terms of female disadvan-
tages and achievements for over 270 NUTS 2 in the European Union. The results 
confirm that gender gaps are more prominent in regions with higher unemployment 
rates, whereas female achievement is greater in regions with a higher GDP per 
capita. The EU Regional Gender Equality Monitor at the Joint Research Center 
(Norlen et al., 2019) provides a regional-level analysis of the UE. Finally, di Bella 
et al. (2021) adapted the multifaceted GEI indicator (EIGE, 2017) to Italy’s regional 
context. See Cascella et al. (2022) for an extension of the GEI at the regional level. 
The results from the R-GEI confirmed that gender equality varies substantially 
within European member countries. Finally, Perrin (2021) represents the first 
attempt to extend the regional analysis over a long time horizon by building an 
indicator at the county level for France since the 1850s. Aimed at investigating the 
long relationship between the gender gap and economic growth, the work concludes 
that France’s north-south divide already existed at that time. Gender equality is 
positively associated with economic performance. Northern counties, where the 
gender gap is narrower, experience higher economic growth rates. Persistent 
regional differences in economic outcomes can thus lead to persistent sex differences 
between women and men. 
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2 Datasets for Gender (in)Equality Measurement: The 
Eurostat Collection 

Eurostat provides several microdata sources for analysing gender (in)equality in the 
EU. Microdata are survey records that contain primary information on individuals, 
households, and business entities. The increasing availability of microdata satisfies 
the need for more detailed information, bringing considerable advantages compared 
to secondary data published in tabular form on the Eurostat portal. Being the records 
of individual questionnaires, suitably anonymised in such a way as to preserve the 
privacy of the respondents, microdata make it possible to conduct complex statistical 
analyses that would otherwise be impossible. Hypotheses and theories can be tested 
on different subsets of the population, whether distinguished according to their 
territorial area of reference or according to some socioeconomic criteria. Using a 
‘rich-in-details dataset’ allows researchers to analyse data concerning the specific 
socioeconomic aspects of society. This occurs when a given survey questionnaire is 
augmented with ad hoc modules to retrieve information on a specific phenomenon. 
Another case is when a given survey increases territorial representativeness by 
considering subnational levels. A further extension of a standard survey is the 
inclusion of a longitudinal dimension, which allows one to track the dynamics of 
individual entities over time. The various innovations that statistical institutes make



in the data provision process move in a fourth direction: a cross-country dimension. 
The harmonisation of national surveys and the conducting of the same surveys 
across member countries provides a broader perspective of researchers and other 
stakeholders. The resulting comparative analysis sheds light on the similarities and 
differences that converge and diverge across countries. 
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Eurostat has a specific mandate and long tradition of coordinating survey activ-
ities across EU member states, candidates, and EFTA countries. In doing so, it 
ensures standardisation in the definitions and measurements of the countries 
involved in the sample surveys so that the data are comparable. Access to these 
data is possible through a special request for scientific purposes.3 Different Eurostat 
surveys focus on different aspects of individuals’ economic and social activities, 
such as income structure, health conditions, labour market outcomes, vocational 
training, time use in daily life, and adoption of ICT devices. 

In this chapter, to be consistent with what will be discussed in the next section, we 
discuss only the Eurostat surveys used in EIGE’s GEI framework (EIGE, 2022). The 
selection comprises the European Consumer Household Panel (EHCP) and the 
European Union Survey on Income and Living Conditions (EU-SILC) for household 
income and living conditions, the European Union Labour Force Survey (EU-LFS) 
for labour market statistics, the Structure of Earning Survey (SES) for the structure of 
earnings, the Harmonised European Time Use Surveys (HETUS) for the use of daily 
time, and the European Health Interview Survey (EHIS). Eurofound data, although 
important for gender analysis in Europe and used by the EIGE at the national level, 
are not listed here because these surveys are not sufficiently representative at any 
subnational level because of their limited sample size. 

2.1 ECHP and EU-SILC 

In 1991, Eurostat set up a task force to obtain information on households and 
individual income from national registers and household income surveys, and to 
check whether the available output could be harmonised ex post. The failure of this 
approach led to the launch of a specific EU survey—the ECHP. It was conducted for 
eight yearly waves, between 1994 and 2001. As of 2003, the European Statistics on 
Income and Living Conditions (EU-SILC) inherited the characteristics of the former 
ECHP. Currently, the EU-SILC represents the primary data source covering house-
hold income and living conditions in the EU, from labour market status to poverty 
and social activities. Similar to the ECHP, the EU-SILC is a panel survey consisting 
of interviews held with households and individuals year after year. The interviews 
covered various topics, ranging from sociodemographic information to household

3 These are based on the original microdata which are confidential information accessible by means 
of direct identifiers. Once anonymization procedures are applied, the original survey data become 
non-confidential and can be released publicly. 



income and finance, working life, housing, social relations, and health. The survey 
was conducted at the European level and involved 14 Member States.4 The survey 
was conducted both across and within the households. The household module 
contains demographic information, income and financial conditions, children, 
accommodations, and durables. The personal file contains a section for the job 
search activity if unemployed, for the training activity if employed, and for social 
relations and life satisfaction. Furthermore, owing to the longitudinal dimension of 
the sampling design, it is possible to extract information on the social dynamics of 
the surveyed units repeatedly over time. 
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Regarding the gender gap, the EU-SILC represents an essential source of infor-
mation concerning the characteristics of women within the household environment, 
especially for their focus on labour and housing conditions, deprivation, and social 
activities. These additional aspects can provide new insights into gender-related 
differences. The information provided by the EU-SILC is reported at the regional 
level (NUTS 2). This feature offers a detailed level of analysis. Thus, the EU-SILC is 
a valuable source of microdata for regional analysis, and it represents an important 
source for the construction of the GEI across countries since it is used in the entire 
construction of the money domain, both for economic resources and financial 
resources subdomains, and the health Access subdomain. 

2.2 EU-LFS 

The European Labor Force Survey (EU-LFS) is a collection of national LFS 
gathered by Eurostat, and it is the data source on which the official labour market 
statistics for employment, unemployment, and inactivity of individuals aged 15+ 
years across European countries since 1983. 

As a collection of national LFS, the EU-LFS interviewed household members to 
capture information about their current and past employment experiences. They 
gather information on demographics, labour market status, employment character-
istics of the main job as well as secondary employment, atypical work, previous 
work experience and employment status, working hours, job search activities and 
methods, education and training, and income decile. Regarding the gender gap, the 
EU-LFS provides information not only about the different incidences of activity and 
inactivity between men and women, but also about employment characteristics for 
the employed population and job-search activities for unemployed individuals. 
Thus, the EU-LFS represents the primary data source for analysing the gender gap 
in the labour market across European countries. The EU-LFS is adopted in

4 The first wave of 1994 comprised the following twelve countries: Belgium, Denmark, France, 
Germany, Greece, Ireland, Italy, the Netherlands, Portugal, Spain, and the UK. Austria and Finland 
joined in 1995 and 1996, respectively. Sweden joined in 1997 despite the ECHP having been 
derived from the Swedish Living Conditions Survey itself. 



constructing the GEI, mainly for the domains of work, time, and knowledge. The 
EU-LFS captures the one-year-before-employment situation. This information is 
usually rearranged in terms of transitional probabilities for the ins and outs of 
unemployment, employment, and inactivity. Thus, gender-related differences are 
expected to emerge in such transitional contexts. Moreover, it provides information 
up to the provincial level (NUTS-3) and is therefore suitable for regional analysis. 
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2.3 EU-SES 

The European Structure of Earning Survey (EU-SES) represents a European survey 
of enterprises and employee characteristics, with the corresponding earning struc-
ture. Enterprises were sampled only if they operated in the private sector with at least 
ten employees. It provides detailed information on wage levels and registers the 
benefits and taxes connected to the employment contract. The set of variables 
considered by the EU-SES distinguishes among firm-specific (e.g. employee size, 
economic sector), worker-specific (e.g. education, professional type, seniority), and 
other contract-specific variables (including holidays, social contributions, taxes, and 
allowances). The informative content of the EU-SES helps trace the dynamics of 
remuneration components, the effects of employment policies, and labour costs 
across (countries’ fiscal regimes of) European countries. 

The survey was conducted at the NUTS 1 level, that is, across territorial macro 
areas, which implies severe limitations for using these data in a regional analysis. 
Two additional reasons do not make EU-SES suitable for the regional transposition 
of EIGE’s GEI: time frequency and the sampling scheme. Relating to the first point, 
unlike data from EU-SILC and EU-LFS that are available yearly, the EU-SES has a 
four-year frequency. Relating to the sampling scheme, we note that since enterprises 
are sampled only if operating in the private sector with at least ten employees, this 
hinders the possibility of tracking the dynamics of the gender gaps in those regions 
characterised by a relatively high presence of (very) small firms. The larger the 
portion of women employed in these firms, the larger their underrepresentation in the 
EU-SES dataset. If a firm’s size is unevenly distributed across regions, the estimated 
regional dispersion in gender gaps is biased. This consideration is more substantial if 
one considers that local employment opportunities are women usually showing 
lower (geographical) commuting profiles than men (Gimenez-Nadal & Molina, 
2016; Petrongolo & Ronchi, 2020; Le Barbanchon et al., 2021; Fuchs et al., 2021). 

2.4 HETUS 

The Harmonised European Time Use Survey (HETUS) is a collection of national 
time use surveys. HETUS represents a unique dataset provided by Eurostat regard-
ing the time use of European citizens, made recently in 2017, available for scientific



purposes. The main objective of this survey was to quantify the time spent on various 
activities at daily frequency. The overall HETUS questionnaire contains, in fact, 
around two thousand variables. Starting in 2000, covering the years 1998–2006, the 
survey was conducted once every 10 years. The second wave of 2010 was conducted 
from 2008 to 2015 across 15 EU and three non-EU countries.5 The sample of 
participants comprises 0.047% of the European resident population, corresponding 
to 120 thousand households, of which more than one-third are from Poland (27 thou-
sand) and Italy (17 thousand). Among the surveyed countries, Germany and the 
Netherlands showed the lowest values in terms of sample size. The survey instru-
ment is divided into three main parts: the household questionnaire, the individual 
questionnaire, and the time diary, registering activities in ten-minute time slots. 
Individual activities are classified according to the activity coding list (ADL), that 
is, the official 2-digit6 classification adopted by Eurostat to characterise the daily 
activities of individuals. 
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HETUS is an important source of information for understanding social phenom-
ena. Given its focus on individuals’ daily activities, the HETUS dataset allows for a 
deeper analysis of the gender gap in terms of time use. Thus, HETUS content can be 
exploited to identify further dimensions in which men and women exhibit different 
attitudes. Not surprisingly, the HETUS dataset was adopted to show different 
commuting attitudes between women and men. See Anxo et al. (2011) and 
Gimenez-Nadal and Alberto (2022) for the multicountry studies. See also 
Gimenez-Nadal and Molina (2014, 2016) for a regional study focusing on Spain 
and the Netherlands at the subnational level. They concluded that women commute 
less than men do because of their larger share of family responsibilities, limiting the 
possibility of finding employment over a longer search radius. In addition, informa-
tion extrapolated from HETUS can also help to characterise in more detail the 
inactivity among the working-age population, the distribution of tasks within house-
holds (e.g. cooking and family care), and the impact of cultural differences within the 
European population. Despite the detailed set of information regarding individual 
daily activities, wave 2010 does not present any regional breakdowns, with countries 
being the only possible territorial partition (at NUTS 0 level) of the population. 
Therefore, it is not of interest if the analysis of the gender gap is conducted only at 
the national level.

5 The 15 EU countries, representing the entire first wave (2000) of HETUS, are Austria, Belgium, 
Germany, Estonia, Greece, Finland, France, Hungary, Italy, Luxembourg, the Netherlands, Poland, 
Romania, Spain, and the UK. The three extra-EU countries are Norway, Serbia, and Turkey. 
6 The specific domains (one-digit) of ADL are personal care, employment, study, household and 
family care, voluntary work and meeting, social life and entertainment, sports and outdoor activ-
ities, hobbies and computing, mass media, travel, and, residually, unspecified time. The new version 
of 2018, used for the third wave of 2020, further expands the two-digit ADL-2008 to a three-digit 
structure to classify the daily activities of individuals. 
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Fig. 1 Eurostat surveys 
(EU-SILC, EU-LFS, SES, 
HETUS) intersecting 
elements. Source: authors’ 
elaboration 

2.5 EHIS 

The European Health Interview Survey (EHIS) consists of four modules on health 
status, healthcare use, health determinants, and socioeconomic background variables 
for EU citizens coded into three categories (natives, EU citizens, and others) and by 
five-year bands (starting with 15–17, 18–19). The EHIS targets a population aged at 
least 15 years and living in private households. The regional detail is limited in this 
survey, being only available in Wave 3 (2019) for Belgium, Bulgaria, Czechia, 
Denmark, Germany, Estonia, Ireland, Spain, Croatia, Hungary, Italy, Lithuania, 
Austria, Poland, Portugal, Slovenia, Slovakia, Finland, Sweden, and Serbia; 
removed for the other countries in Wave 3; and not available in previous waves. 
Health data belong to special (sensitive) categories. Access to microdata on health 
requires justification of substantial public interest. 

2.6 On the Integration Among Eurostat Data Sources 

A set of shared variables across these surveys highlights the opportunity for the joint 
use of different data sources. However, while EU-SILC and EU-LFS can be 
exploited for regional analysis and SES allows analysis across macro areas, 
HETUS can only be used for a cross-country comparison. Figure 1 shows the 
different elements of the surveys (dimensions, territorial levels, units of measure-
ment). Each survey does not exclusively cover a single element, but some are 
common to multiple surveys, such as education and worker conditions. Overall, 
what emerges from Fig. 1 shows that efforts to include the regional dimension in 
SES and HETUS are likely to enrich future regional analysis. Additional information 
about employment relations and daily life can enrich the variables considered when 
constructing synthetic indicators of gender equality.
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3 Limitations of Official Datasets for Gender (in)Equality 
Measurement at the Regional Level in the EU 

The first obvious prerequisite for a regional analysis of gender (in)equaliy is the 
availability of data collected at the regional level. Although it is seemingly obvious, 
this prerequisite has two implications. First, if a survey is not structured to provide 
regionally representative estimates, its use is limited and only possible after imputing 
regional values according to specific statistical criteria. For instance, if the statistical 
representativeness of the sample is built at the NUTS 1 level, it is valid only at the 
territorial level. The joint analysis of data at the regional (NUTS 2) and macro area 
(NUTS 1) levels must be accommodated with ad hoc statistical methods. For 
instance, as a simpler solution, NUTS 2 values can be equalled to the NUTS 
1 average for all regions belonging to a specific macro area, or more appropriately, 
region-specific values can be estimated using more sophisticated small-area estima-
tion models. However, an analysis conducted at the macro-area level would remain 
valid only on a potential, ideal ground because, in most countries, the level of 
practical decision-making corresponds to the national or regional level. Furthermore, 
official statistics are often commented on as if they come from census data and are 
free of sampling errors. However, this is not the case, and it must always be borne in 
mind that most of these statistics are estimates that originate from survey data, and 
that they have a degree of uncertainty due to their sampling nature. Estimates at the 
regional level have precision (think of the standard errors of the estimates) that is 
necessarily lower than at higher hierarchical levels, at least because of the smaller 
sample size. Therefore, moving from a national to a regional analysis requires an 
evaluation of the consistency of estimates to assess whether territorial differences 
can be considered statistically significant. In addition, evaluating the completeness 
of information may result in the selection of alternative measures because a given 
indicator may be inappropriate when applied to a regional context. This may happen, 
for example, in the case of an extension of a variable originally designed at the 
national level to the regional level. For instance, the indicator of women on boards of 
listed companies makes sense in a national analysis but not from a regional perspec-
tive. The economic reference area of a listed company cannot be ascribed to a 
specific region; in any case, this is hardly the region where the company has its 
head office. Datasets used to construct the nationwide indicator may not include, by 
design, information at the subnational level (e.g. HETUS). In addition, different 
privacy regimes for microdata protection may reduce the number of countries 
involved in cross-country analysis. Instead, the problem of time misalignment 
among different datasets, which occurs when the construction of a synthetic indica-
tor involves different data sources, may alter the reference year of some (groups of) 
variables. 

A similar discussion is valid for differences in time frequency. Table 1 provides 
an overview of the distinctive features of the Eurostat survey data. The four selected 
datasets cover different time spans. In addition, the time frequencies differed. It 
ranges from yearly to 4 (SES) or 10 years (HETUS). Ideally, one would like to merge



Survey Population Content Years (frequency) Notes 

the contents of different datasets that share the same time span, time frequency, and 
territorial disaggregation. Failures in doing so lead to the inappropriateness of some 
Eurostat datasets or variables originally included in the design of the synthetic 
indicator. At the extreme, it can lead to structural changes in terms of domains and 
subdomains. Modifications in the structure of the indicator, for example, of the 
R-GEI (di Bella et al., 2021), are not immediate and straightforward tasks. Instead, 
they require full scrutiny of the content of the various survey questionnaires and, 
when replacements occur, coherence with the scope of the indicator. 
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Table 1 Comparison of selected Eurostat survey datasets 

Max NUTS 
detail

ECHP/ 
SILC 

Households 
members 

Income and living 
conditions 

1994–2001/ 
2004–2020a (yearly) 

NUTS 1b 

NUTS 2 

LFS Individuals 
aged 15+ 

Labour market 
status 

1983–2020 (yearly) NUTS 3 

HETUS Households 
members 

Daily activity 2010c (ten years) NUTS 0 

SES Employees Structure of 
earnings 

2002–2018 (four 
years) 

NUTS 1 

Notes: a Panel for 2005–2019; b Germany; c collected in 2008–2015 

4 From GEI to R-GEI in a Cross-Country Setting 

As specified in the Introduction, this book stems from the EU Erasmus+ programme-
funded project ReGem (Regional Gender Equality Measurement in the EU7 ), 
inspired by the work by di Bella et al. (2021) to investigate gender equality at the 
regional level in Italy, France, Spain, and Germany. Instead of proposing a brand-
new gender equality index based on additional statistical sources than those pro-
posed by the EIGE (Norlen et al., 2019), the ReGem project sought to understand to 
what extent the EIGE’s GEI could be declined at the regional level by using the same 
data sources of GEI by constructing what di Bella et al. (2021) called Regional-GEI 
or R-GEI, but for a broader study area. In their work limited to Italy, di Bella et al. 
(2021) identified that only 10 out of 31 variables of EIGE’s GEI could also be 
measured at the regional level using the same definitions and data as the original 
nationwide GEI. Other variables could not be measured at the regional level because 
they were meaningless if rescaled at that territorial level or were based on surveys 
not designed for regional representativeness. The authors identified 14 alternative 
variables using the same data sources as the GEI or data from the Italian Institute of 
Statistics (Istat). However, the authors did not find a suitable substitution for these

7 Project website: regem.unige.it 

http://regem.unige.it


seven variables. The domain that required the most relevant revisions was power 
because, from a regional perspective, most of the original indicators lost their 
relevance. For instance, the national-level indicator ‘percentage of women ministers 
or having a seat in parliament’ power subdomains has been replaced by a regional/ 
local variant ‘share of women in regional boards’ or ‘share of municipal and regional 
women assessors and women city mayors’ using data from Italian administrations. 
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In the ReGem project, it was decided to make a replication of the variable 
selection process that di Bella et al. (2021) conducted for Italy for the four countries 
in the study area, but without adding country-specific data sources to the Eurostat 
databases. The final result (Table 2) substantially confirmed the results by di Bella 
et al. (2021), leading to the identification of 12 local-national equivalent variables, 
nine ‘close to the original’ alternatives derived from Eurostat databases, and 9 vari-
ables for which it was impossible to find, among Eurostat databases, valuable 
substitutes. Unfortunately, accessing micro-data from the EHIS survey was impos-
sible due to the sensitive nature of the respondents’ health data and the availability of 
regional-level data limited to Italy and Germany. Furthermore, for Germany, most 
datasets, including the LFS and EU-SILC data, are only available at the NUTS 
1 level; therefore, in the analyses presented in the next chapter, the country was 
excluded from the analysis. 

5 Conclusions 

Regional analysis is an important approach for identifying areas within a country in 
which the gender gap is most pronounced. Limiting the analysis to a national 
assessment may mask the extreme situations behind an intermediate value. However, 
going from a national to a regional analysis of gender inequality is a complex 
process, especially when conducting a cross-country analysis. The reformulation 
of variables measured at the national level at the regional level may run into issues 
that are not immediately resolvable. In some cases, it may happen that the national 
indicator does not make sense when defined at the local level or that the data used for 
the national indicator are not representative at the regional level. It is then necessary 
to assess whether a suitable variable exists to replace the original variable within the 
alternative datasets. This is often possible by using specific national surveys, but 
without any guarantee that, in a cross-country analysis, there is homogeneity of 
definition and measurement between different countries. It may also happen that no 
suitable variables are found to replace the original ones, and thus, there is only partial 
coverage of the regional index compared to the national one. 

The ReGem project focused on four key countries of the European Union, 
verifying that, although in a context coordinated by Eurostat, there are differences 
between surveys and inhomogeneity of territorial detail between countries within the 
same survey. At present, if one wants to remain within the logic of the GEI, the 
reference indicator for comparing gender equality between EU countries, it seems 
inevitable to integrate Eurostat sources with data from national surveys, as done by
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di Bella et al. (2021). However, the task seems very complex for a complete 
comparison across the 27 EU countries.
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